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[bookmark: _Toc2]Article summary:
1. This article presents an open-source benchmark for space noncooperative object visual tracking, including a simulated environment, evaluation toolkit, and a position-based visual servoing (PBVS) baseline algorithm.
2. The article also introduces an end-to-end active visual tracker based on deep Q-learning, named as DRLAVT, which learns approximately optimal policy from color or RGBD images as input.
3. Experiment results show that the DRLAVT achieves excellent robustness and real-time performance compared with the PBVS baseline.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article is generally reliable and trustworthy in its presentation of the research findings and conclusions. The authors provide detailed descriptions of their methods and experiments, as well as clear explanations of their results. The authors also provide references to relevant literature to support their claims. Furthermore, the authors acknowledge potential limitations of their work such as transferability issues due to multiple target training adopted in this article. 
However, there are some points that could be improved upon in terms of trustworthiness and reliability. For example, the authors do not discuss any potential risks associated with using deep reinforcement learning for active visual tracking in aerospace domain or any ethical considerations related to this research topic. Additionally, the authors do not explore any counterarguments or alternative approaches to their proposed method which could have provided more insight into the strengths and weaknesses of their approach. Finally, it would have been beneficial if the authors had provided more detail about how they evaluated the performance of their proposed method compared to other existing methods in order to better assess its effectiveness.
[bookmark: _Toc5]Topics for further research:
· Ethical considerations of deep reinforcement learning
· Risks associated with active visual tracking in aerospace domain
· Alternative approaches to deep reinforcement learning
· Evaluation of deep reinforcement learning performance
· Transferability issues of deep reinforcement learning
· Counterarguments to deep reinforcement learning
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