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1. This article proposes a new method for oversampling the training set of a classifier in scenarios of extreme scarcity of training data.
2. The proposed method is based on Generative Adversarial Networks (GAN) and vector Markov Random Field (vMRF).
3. Experiments have been conducted to assess the effectiveness of the proposed method, called Generative Adversarial Network Synthesis for Oversampling (GANSO), with both simulated and real data.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
[bookmark: _Toc4]Article analysis:
This article provides an overview of a new method for oversampling the training set of a classifier in scenarios of extreme scarcity of training data. The proposed method is based on Generative Adversarial Networks (GAN) and vector Markov Random Field (vMRF). Experiments have been conducted to assess the effectiveness of the proposed method, called Generative Adversarial Network Synthesis for Oversampling (GANSO), with both simulated and real data. 
The article appears to be well-researched and reliable, as it provides detailed information about the proposed method, its components, and how it works. It also provides evidence from experiments that demonstrate its effectiveness in improving classifier performance when dealing with very small size training sets. Furthermore, it compares GANSO to SMOTE, which is another popular technique used for oversampling small datasets. 
However, there are some potential biases that should be noted in this article. For example, while SMOTE is mentioned as a benchmark technique for comparison purposes, other techniques such as Borderline-SMOTE or Adaptive Synthetic are not discussed in detail or compared against GANSO. Additionally, while the authors provide evidence from experiments that demonstrate GANSO's effectiveness in improving classifier performance when dealing with very small size training sets, they do not discuss any potential risks associated with using this technique or any possible drawbacks that could arise from using it instead of other techniques such as SMOTE or Borderline-SMOTE. Furthermore, while the authors provide evidence from experiments that demonstrate GANSO's effectiveness in improving classifier performance when dealing with very small size training sets, they do not discuss any possible counterarguments or alternative approaches that could be taken instead of using GANSO. 
In conclusion, this article appears to be well-researched and reliable overall but there are some potential biases that should be noted when considering its trustworthiness and reliability.
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· Borderline-SMOTE
· Adaptive Synthetic
· Risks associated with GANSO
· Drawbacks of GANSO
· Counterarguments to GANSO
· Alternative approaches to GANSO
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