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1. This paper proposes a deep learning method combined with scratch tests to determine the plastic properties of metallic materials, such as yield stress and strain hardening index.
2. Three different network frameworks are compared: the parameter sharing-based deep network (DMTR), the classical multi-output multi-layer perceptron (MLP) and the single-target approach (ST-MLP).
3. The trained DMTR is verified by comparing the plastic parameters of 18CrNiMo7-6 alloy steel, 304 stainless steel, and brass obtained from scratch tests with those under tension.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
[bookmark: _Toc4]Article analysis:
This article presents a novel approach for extracting plastic properties of metallic materials from scratch tests using deep learning methods. The authors provide a detailed description of their proposed method, including the generation of datasets from finite element simulations, three different network frameworks used for determining material plastic parameters, and experimental validation of the model for 18CrNiMo7-6 alloy steel, 304 stainless steel, and brass.
The article appears to be reliable in terms of its content and methodology. The authors have provided sufficient evidence to support their claims and have presented both sides equally in terms of potential risks associated with their proposed method. Furthermore, they have explored counterarguments to their claims and provided references to relevant research papers that support their findings.
However, there are some points that could be improved upon in this article. For example, while the authors have discussed various parameters used in finite element simulations such as yield stress and strain hardening index, they do not provide any information about how these parameters were chosen or why they were chosen over other possible parameters. Additionally, while Sobol sequence or Latin Hypercube Sampling could offer a good compromise between regular grid sampling and random distribution when generating datasets from finite element simulations, this is not discussed in the article. Finally, while the authors have discussed three different network frameworks for determining material plastic parameters from scratch tests (DMTR, MLP and ST-MLP), they do not provide any comparison between these frameworks or discuss which one is more suitable for this particular application. 
In conclusion, this article provides an interesting approach for extracting plastic properties of metallic materials from scratch tests using deep learning methods. While it appears to be reliable overall in terms of its content and methodology, there are some areas where it could be improved upon such as providing more information about how certain parameters were chosen or discussing alternative sampling techniques when generating
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· Finite element simulation parameters
· Sobol sequence sampling
· Latin Hypercube Sampling
· Comparison of network frameworks
· Deep learning for material plastic parameters
· Scratch test for metallic materials
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