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1. A generative adversarial network based dose prediction model is proposed to facilitate radiotherapy planning.
2. The model includes an embedded UNet-like structure with dilated convolution to capture both global and local information, as well as a dual attention module and two additional losses (locality-constrained loss and self-supervised perceptual loss).
3. Evaluations on two in-house datasets show that the proposed Mc-GAN outperforms other state-of-the-art methods in almost all PTV and OARs criteria.
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Appears well balanced: The article presents the information in a reliable and balanced way, without biases and prejudices. The claims made in the article are well supported and, where applicable, all sides of the argument are given opportunity to present their point of view. The article appears trustworthy and reliable.
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The article “Multi-constraint generative adversarial network for dose prediction in radiotherapy” provides a detailed overview of a novel deep learning method for predicting dose distribution maps for clinical treatment planning. The authors present a multi-constraint dose prediction model based on generative adversarial networks (Mc-GAN), which is designed to automatically predict the dose distribution map from CT images and masks of PTV and OARs. The article is well written, providing clear explanations of the components of the model, such as the embedded UNet-like structure with dilated convolution, dual attention module, locality constrained loss, and self supervised perceptual loss. Furthermore, the authors provide evidence of their claims by evaluating their proposed model on two in house datasets and demonstrating its superiority over other state of the art methods in almost all PTV and OARs criteria. 
In terms of trustworthiness and reliability, this article appears to be unbiased and presents both sides equally. It does not contain any promotional content or partiality towards any particular method or approach. Furthermore, it does not appear to be missing any points of consideration or evidence for its claims made; all claims are supported by evaluations on two in house datasets. Additionally, possible risks are noted throughout the article; for example, it mentions that RT is required to deliver a sufficient dose to PTV while minimizing the dose to OARs in order to achieve an ideal therapeutic effect. 
In conclusion, this article appears to be trustworthy and reliable; it provides clear explanations of its proposed model as well as evidence for its claims made through evaluations on two in house datasets.
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· Radiotherapy dose prediction
· Generative adversarial networks
· UNet-like structure
· Dilated convolution
· Dual attention module
· Self supervised perceptual loss
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