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[bookmark: _Toc2]Article summary:
1. A learning rule derived from cable theory is used to investigate the processing capacity of a pyramidal neuron model.
2. Synaptic plasticity can be used to tune dendritic input-output relationships, allowing single neurons to optimally implement nonlinear functions.
3. The voltage and spike-timing dependence of the learning rule can drive synapses to engage dendritic nonlinearities, enhancing input pattern discrimination.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article is generally reliable and trustworthy in its presentation of the research findings. It provides a detailed description of the research process, including the methods used and results obtained, as well as an analysis of the implications for understanding neuronal computation. The authors provide evidence for their claims in the form of references to previous studies and simulations conducted using their proposed learning rule. Furthermore, they discuss potential limitations of their approach and suggest directions for future research. 
However, there are some potential biases that should be noted when considering this article's trustworthiness and reliability. For example, it does not explore any counterarguments or alternative explanations for its findings; instead, it focuses solely on supporting its own conclusions without considering other perspectives or interpretations. Additionally, while it does acknowledge potential limitations in its approach (e.g., reliance on biophysical models), it does not provide any evidence or discussion regarding possible risks associated with its proposed learning rule or how these might be addressed in future research. Finally, although it presents both sides of the argument equally in terms of providing evidence for each claim made, it does not present both sides equally in terms of exploring counterarguments or alternative explanations for its findings; instead, it focuses solely on supporting its own conclusions without considering other perspectives or interpretations.
[bookmark: _Toc5]Topics for further research:
· Alternative explanations for neuronal computation
· Biophysical models of neuronal computation
· Risks associated with proposed learning rules
· Counterarguments to proposed learning rules
· Implications of neuronal computation for behavior
· Future directions for research on neuronal computation
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