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1. This paper proposes a full stage data augmentation framework to improve the accuracy of deep convolutional neural networks.
2. The proposed framework is universal for any network architecture and data augmentation strategy and can be applied to a variety of deep learning based tasks.
3. Experimental results demonstrate the effectiveness of the framework by comparing with state-of-the-art results on image classification datasets CIFAR-10 and CIFAR-100.
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Appears moderately imbalanced: The article provides some useful information, but is missing several important points or pieces of evidence that would be required to present the discussed topics in a balanced and reliable way. You are encouraged to seek a more balanced perspective on the presented issues by exploring the provided research topics and looking at different information sources.
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The article provides an overview of a full stage data augmentation method in deep convolutional neural networks for natural image classification, which is claimed to improve accuracy and generalization ability without introducing additional model training costs. The authors provide experimental results on two datasets (CIFAR-10 and CIFAR-100) that demonstrate the effectiveness of their proposed method compared to state-of-the-art results, however, there are some potential biases that should be noted. 
First, the authors do not provide any evidence or discussion regarding how their proposed method compares to other existing methods in terms of accuracy or generalization ability. Furthermore, they do not discuss any potential risks associated with their proposed method such as overfitting or computational complexity. Additionally, they do not explore any counterarguments or alternative approaches that could be used instead of their proposed method. 
In addition, the authors do not provide any information about the source code used for their experiments or how it was implemented, which makes it difficult to verify the accuracy of their claims. Furthermore, they do not discuss any limitations or drawbacks associated with their proposed method which could lead to one-sided reporting and promotional content in favor of their approach. 
Finally, while the authors claim that their proposed method is universal for any network architecture and data augmentation strategy, they only provide experimental results on two datasets (CIFAR-10 and CIFAR-100). Therefore, it is unclear whether this approach would work well on other datasets or tasks without further experimentation and evaluation.
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· Data Augmentation Deep Learning
· Data Augmentation Neural Networks
· Data Augmentation Risks
· Data Augmentation Limitations
· Data Augmentation Performance Evaluation
· Data Augmentation Alternative Approaches
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