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[bookmark: _Toc2]Article summary:
1. This article presents a comparison between sequential and asynchronous reinforcement learning for real-time control of physical robots.
2. Experiments show that when the time cost of learning updates increases, the action cycle time in sequential implementation could grow excessively long, while the asynchronous implementation can always maintain an appropriate action cycle time.
3. The system learns in real-time to reach and track visual targets from pixels within two hours of experience and does so directly using real robots, learning completely from scratch.
[bookmark: _Toc3]Article rating:
May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article is generally reliable and trustworthy as it provides a systematic comparison between sequential and asynchronous reinforcement learning for real-time control of physical robots. The experiments conducted are well designed to test the effectiveness of both approaches under different conditions such as action cycle times, sensory data dimensions, and mini-batch sizes. Furthermore, the authors provide evidence for their claims by demonstrating that their system can learn in real-time to reach and track visual targets from pixels within two hours of experience using real robots. 
However, there are some potential biases in the article which should be noted. For example, the authors only compare two approaches (sequential vs asynchronous) without exploring other possible solutions or counterarguments which may lead to a one-sided reporting of results. Additionally, there is no discussion on potential risks associated with either approach which could be beneficial for readers to consider before implementing either approach in their own projects. Finally, although the authors provide code for their system on Github, they do not provide any detailed explanation or instructions on how to use it which could be useful for readers who wish to replicate their results or build upon them.
[bookmark: _Toc5]Topics for further research:
· Comparison of reinforcement learning approaches
· Risks associated with reinforcement learning
· Real-time control of physical robots
· Replicating reinforcement learning results
· Building upon reinforcement learning results
· Instructions for using reinforcement learning code
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