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[bookmark: _Toc2]Article summary:
1. This paper compares two reinforcement learning methods, ANN-PSO and Proximal Policy Optimization (PPO), for real-time optimization of a chemical process.
2. Results show that PPO achieves higher profits than ANN-PSO and nearly as high as nonlinear programming with first principles modeling (FP-NLP).
3. PPO also has faster computational times, 10 and 10,000 times faster than FP-NLP and ANN-PSO respectively, but requires more training data to converge to an optimal policy.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article is generally reliable in its reporting of the comparison between the two reinforcement learning methods, ANN-PSO and Proximal Policy Optimization (PPO). The authors provide evidence from previous studies to support their claims about the efficacy of both algorithms in optimizing complex systems. They also provide a detailed description of how each algorithm works and how they are implemented in the case study.
However, there are some potential biases in the article that should be noted. First, the authors do not explore any counterarguments or alternative approaches to solving the problem at hand. Additionally, while they mention that PPO requires more training data than ANN-PSO to converge to an optimal policy, they do not discuss any potential risks associated with this requirement or how it might affect performance. Finally, while they present evidence from previous studies supporting their claims about both algorithms’ efficacy in optimizing complex systems, they do not present any evidence from their own case study that would further support their conclusions. 
In conclusion, while this article provides a thorough comparison between two reinforcement learning methods for real-time optimization of a chemical process, it does have some potential biases that should be taken into consideration when evaluating its trustworthiness and reliability.
[bookmark: _Toc5]Topics for further research:
· Reinforcement learning counterarguments
· Risk associated with PPO training data requirement
· Performance of PPO with limited training data
· Alternative approaches to real-time optimization
· Evidence from case studies for reinforcement learning
· Optimizing complex systems with reinforcement learning
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