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[bookmark: _Toc2]Article summary:
1. Adversaries have an incentive to manipulate machine learning models to their advantage, one way of doing this is through a poisoning or causative attack.
2. A methodology is presented that uses contextual information about the origin and transformation of data points in the training set to identify poisonous data.
3. The methodology is evaluated against existing methods to detect poison data and shows an improvement in the detection rate.
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Appears moderately imbalanced: The article provides some useful information, but is missing several important points or pieces of evidence that would be required to present the discussed topics in a balanced and reliable way. You are encouraged to seek a more balanced perspective on the presented issues by exploring the provided research topics and looking at different information sources.
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The article provides a detailed overview of how adversaries can manipulate machine learning models through poisoning or causative attacks, and presents a methodology that uses contextual information about the origin and transformation of data points in the training set to identify poisonous data. The article also evaluates the proposed methodology against existing methods for detecting poison data, showing an improvement in the detection rate. 
The article does not provide any evidence for its claims regarding the efficacy of its proposed methodology, nor does it explore any potential counterarguments or risks associated with using such a method. Additionally, there is no discussion of possible biases or sources of bias that could affect the results of the evaluation, which could lead to inaccurate conclusions being drawn from the results. Furthermore, there is no mention of any ethical considerations related to using such a method, such as potential privacy concerns or implications for vulnerable populations who may be affected by decisions made based on poisoned machine learning models. 
In conclusion, while this article provides an interesting overview of how adversaries can manipulate machine learning models through poisoning attacks and presents a promising approach for mitigating these attacks, it lacks sufficient evidence and exploration into potential counterarguments and risks associated with using such a method.
[bookmark: _Toc5]Topics for further research:
· Machine learning model poisoning countermeasures
· Machine learning model poisoning detection methods
· Machine learning model poisoning ethical considerations
· Machine learning model poisoning bias
· Machine learning model poisoning privacy concerns
· Machine learning model poisoning vulnerable populations
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