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[bookmark: _Toc2]Article summary:
1. AI algorithms can be biased and unfair, even unintentionally, due to biases in the data used for training.
2. Privileged Group Selection Bias (PGSB) in data settings, such as AI-based hiring, can lead to high algorithmic bias and unfairness towards unprivileged groups.
3. The article proposes several pre-process and in-process fairness mechanisms, based on supervised and semi-supervised learning algorithms, that improve fairness considerably with minimal compromise in accuracy.
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Appears moderately imbalanced: The article provides some useful information, but is missing several important points or pieces of evidence that would be required to present the discussed topics in a balanced and reliable way. You are encouraged to seek a more balanced perspective on the presented issues by exploring the provided research topics and looking at different information sources.
[bookmark: _Toc4]Article analysis:
The article "Improving fairness of artificial intelligence algorithms in Privileged-Group Selection Bias data settings" discusses the issue of algorithmic bias and unfairness in AI-based decision-making. The authors focus on the problem of Privileged Group Selection Bias (PGSB), which occurs when unprivileged groups are underrepresented compared to privileged groups in the training data. They use AI-based hiring as an example, where historical data may be biased towards male candidates, leading to discrimination against female candidates.

The authors demonstrate that PGSB can lead to high levels of algorithmic bias, even if privileged and unprivileged groups are treated exactly the same. They propose several methods to overcome this type of bias, including pre-process and in-process fairness mechanisms based on supervised and semi-supervised learning algorithms.

The article provides a comprehensive review of causes for unfairness, definitions and measures of fairness, and mechanisms for enhancing fairness. However, there are some potential biases and limitations in the article that need to be considered.

Firstly, the authors focus only on one type of bias (PGSB) and one measure of fairness (equalized odds). There are other types of biases such as sample or selection bias that can also affect algorithmic fairness. Moreover, there are other measures of fairness such as counterfactual fairness or individual fairness that may be more appropriate for certain applications.

Secondly, the authors do not explore counterarguments or potential risks associated with their proposed methods. For example, it is possible that their methods may introduce new biases or reduce accuracy too much. It would have been helpful if they had discussed these issues in more detail.

Thirdly, the article does not provide enough evidence for some claims made by the authors. For instance, they claim that their proposed methods improve fairness considerably with only a minimal compromise in accuracy. However, they do not provide enough details about how they measured fairness or accuracy or what constitutes a "minimal compromise".

Finally, there is a potential promotional content bias since the authors propose specific solutions to address algorithmic bias without discussing alternative approaches or limitations associated with their proposed solutions.

In conclusion, while this article provides valuable insights into addressing algorithmic bias caused by PGSB using supervised and semi-supervised learning algorithms, it is important to consider its potential biases and limitations before applying its recommendations in practice.
[bookmark: _Toc5]Topics for further research:
· Types of algorithmic bias beyond Privileged Group Selection Bias

· Alternative measures of fairness in AI-based decision-making

· Risks and limitations associated with proposed fairness mechanisms

· Methods for measuring fairness and accuracy in AI algorithms

· Alternative approaches to addressing algorithmic bias in AI-based hiring

· Critiques of the proposed solutions for improving fairness in AI algorithms
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