[bookmark: _Toc1]Article information:
Rethinking the Expressive Power of GNNs via Graph Biconnectivity | OpenReviewhttps://openreview.net/forum?id=r9hNv76KoT3
[bookmark: _Toc2]Article summary:
1. This paper introduces a novel class of expressivity metrics via graph biconnectivity and highlights their importance in both theory and practice.
2. Most existing GNN architectures are not expressive for any of these metrics, with the exception of the ESAN framework.
3. A new approach called Generalized Distance WL is proposed, which is provably expressive for all biconnectivity metrics and can be implemented by a Transformer-like architecture that preserves expressiveness and enjoys full parallelizability.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article provides an interesting perspective on the expressive power of GNNs beyond the WL test, introducing a novel class of expressivity metrics via graph biconnectivity. The authors provide a thorough review of prior GNN architectures and find that most are not expressive for any of these metrics, with the exception of the ESAN framework. They then propose a new approach called Generalized Distance WL which is provably expressive for all biconnectivity metrics and can be implemented by a Transformer-like architecture that preserves expressiveness and enjoys full parallelizability.
The article appears to be well researched and presented in an unbiased manner, providing evidence to support its claims. However, there are some potential biases that should be noted. For example, the authors focus primarily on GNNs as opposed to other types of neural networks or machine learning algorithms, which may lead to an overly narrow view on how best to solve graph-structured data problems. Additionally, while they provide evidence from experiments on both synthetic and real datasets demonstrating that their approach outperforms prior GNN architectures, it would have been beneficial if they had also compared their results against other types of algorithms as well in order to provide more comprehensive insights into their findings.
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