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1. This paper investigates the effectiveness of contrastive self-supervised learning (CSSL) based pretraining models for SAR-optical remote sensing classification. 
2. The CSSL framework without explicit negative sample selection naturally fits the multi-source learning problem. 
3. The CSSL pretrained network without negative samples can learn the shared features of SAR-optical images and be applied to downstream domain adaptation tasks.
[bookmark: _Toc3]Article rating:
May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article is generally reliable and trustworthy, as it provides a comprehensive overview of the use of contrastive self-supervised learning (CSSL) for remote sensing image interpretation. The authors provide evidence to support their claims, such as analyzing the contrastive strategies of single-source and multi-source SAR-optical data augmentation under different CSSL architectures, and applying the CSSL pretrained network without negative samples that can learn the shared features of SAR-optical images to the downstream domain adaptation task of optical transfer to SAR images. Furthermore, they discuss potential risks associated with using this method, such as introducing strong class-discriminative biases for shapes and textures from the pretrained network when finetuning remote sensing images with an ImageNet pretrained network. 
The only potential bias in this article is that it does not explore any counterarguments or alternative methods for remote sensing image interpretation. However, this is understandable given that this article focuses on discussing one particular method in detail rather than comparing multiple methods side by side.
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· Remote sensing image interpretation methods
· Domain adaptation for remote sensing images
· Multi-source SAR-optical data augmentation
· Contrastive self-supervised learning
· ImageNet pretrained networks
· Finetuning remote sensing images
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