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[bookmark: _Toc2]Article summary:
1. This article discusses the practical topic of conditional control generation in diffusion models.
2. There are two ways to generate conditional control: post-modification (Classifier-Guidance) and pre-training (Classifier-Free).
3. The Classifier-Guidance scheme uses a scaling parameter γ to adjust the generation effect, which is understood as improving the focus of the distribution through power operations.
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Appears moderately imbalanced: The article provides some useful information, but is missing several important points or pieces of evidence that would be required to present the discussed topics in a balanced and reliable way. You are encouraged to seek a more balanced perspective on the presented issues by exploring the provided research topics and looking at different information sources.
[bookmark: _Toc4]Article analysis:
The article provides a comprehensive overview of the practical topic of conditional control generation in diffusion models, discussing two methods for generating such control - post-modification (Classifier-Guidance) and pre-training (Classifier-Free). The article is well written and provides detailed explanations of each method, as well as an explanation of how the scaling parameter γ can be used to adjust the generation effect.
However, there are some potential issues with the trustworthiness and reliability of this article. Firstly, it does not provide any evidence or sources for its claims, making it difficult to verify their accuracy. Secondly, it does not explore any counterarguments or alternative perspectives on this topic, making it one-sided in its reporting. Thirdly, it does not discuss any potential risks associated with using these methods or any possible drawbacks that could arise from them. Finally, while it does provide a detailed explanation of how to use the scaling parameter γ to adjust the generation effect, it does not explain why this works or what implications this has for other applications.
In conclusion, while this article provides a comprehensive overview of conditional control generation in diffusion models and explains how to use certain parameters to adjust the results obtained from these models, there are some issues with its trustworthiness and reliability due to its lack of evidence for its claims and its one-sided reporting without exploring counterarguments or potential risks associated with using these methods.
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· Diffusion models counterarguments
· Diffusion models risks
· Diffusion models drawbacks
· Scaling parameter implications
· Classifier-Guidance evidence
· Classifier-Free evidence
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