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1. A deep neural network composed of convolutional neural network (CNN) and attention-based bidirectional long short-term memory network (ABLSTM) is employed for feature extraction, in which multi-task learning is adopted to improve the performance of the deep neural network.
2. Balanced augmented sampling is used on the triple-channel log-Mel spectrograms to improve the imbalance of the sample distribution among emotional categories and provide sufficient inputs for the deep neural network model.
3. The proposed method achieves better performance than other works on both the MSP-IMPROV and theIEMOCAP databases.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article “Speech emotion recognition based on convolutional neural network with attention-based bidirectional long short-term memory network and multi-task learning” provides a detailed overview of a proposed method for speech emotion recognition using a combination of CNNs, ABLSTMs, and multi-task learning. The authors present their research in an organized manner, providing clear explanations of their methodology as well as results from experiments conducted on two different datasets. 
The article appears to be reliable and trustworthy overall, as it provides evidence to support its claims through experiments conducted on two different datasets. Furthermore, the authors provide detailed descriptions of their methodology, including information about how they preprocessed data, what type of filters were used for feature extraction, how they constructed their CNNs and ABLSTMs, etc., which allows readers to understand exactly how they arrived at their results. 
However, there are some potential biases that should be noted in this article. For example, while the authors do mention that gender differences exist in terms of SER recall accuracy (i.e., males have better recall than females), they do not explore why this might be or what implications this has for SER models in general. Additionally, while the authors discuss various auxiliary tasks that can be used with multi-task learning for SER models, they do not explore any potential risks associated with these tasks or how they might affect SER accuracy overall. 
In conclusion, this article provides a thorough overview of a proposed method for speech emotion recognition using CNNs, ABLSTMs, and multi-task learning. While it appears to be reliable overall due to its evidence provided through experiments conducted on two different datasets and its detailed descriptions of methodology used throughout its research process, there are some potential biases that should be noted such
[bookmark: _Toc5]Topics for further research:
· Gender differences in speech emotion recognition
· Risks associated with multi-task learning for SER models
· Implications of gender differences in SER accuracy
· Impact of auxiliary tasks on SER accuracy
· Advantages of using CNNs and ABLSTMs for SER
· Best practices for preprocessing data for SER models
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