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1. Thermal errors account for a large portion of the total error of machine tools, and error compensation is an effective method to reduce them.
2. Traditional methods for selecting temperature-sensitive points include unsupervised learning methods such as fuzzy clustering, K-means clustering, and K-harmonic mean clustering; as well as supervised learning methods such as LASSO and binary bat algorithm.
3. Data-driven regression models are also used to establish thermal error models, including backpropagation neural network (BPNN), support vector regression (SVR), multiple linear regression, distributed lag model, least squares support vector machine (LSSVM), gray model, and gene expression programming algorithm.
[bookmark: _Toc3]Article rating:
May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article provides a comprehensive overview of the current research on temperature-sensitive point selection and thermal error modeling of spindles based on synthetic temperature information. The article is well written and organized in a logical manner, making it easy to follow the main points. The authors provide detailed descriptions of various methods for selecting temperature-sensitive points and establishing thermal error models. They also cite relevant research studies to support their claims. 
However, there are some potential biases in the article that should be noted. For example, the authors focus mainly on data-driven regression models for establishing thermal error models without exploring other possible approaches such as time series analysis or extreme learning machines. Additionally, they do not discuss any potential risks associated with using these methods or present counterarguments to their claims. Furthermore, they do not provide any evidence for their claims about the accuracy or robustness of the various methods discussed in the article. 
In conclusion, while this article provides a comprehensive overview of current research on temperature-sensitive point selection and thermal error modeling of spindles based on synthetic temperature information, it does have some potential biases that should be noted when evaluating its trustworthiness and reliability.
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· Time series analysis for thermal error modeling
· Extreme learning machines for thermal error modeling
· Risks associated with temperature-sensitive point selection
· Accuracy of temperature-sensitive point selection methods
· Robustness of temperature-sensitive point selection methods
· Counterarguments to temperature-sensitive point selection methods
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