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[bookmark: _Toc2]Article summary:
1. A public dataset of experimentally synthesized thermoelectric materials was collected, containing 5205 observations with five target thermoelectric properties.
2. Machine learning models were trained to predict the thermoelectric properties from the chemical compositions of the materials.
3. The dataset contains 880 unique thermoelectric materials containing 65 elements from Li to Bi, and the maximum ZTs of the collected thermoelectric materials at high temperature (≥700 K) and near room temperature (≈300 K) were 2.16 and 1.17, respectively.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article is generally reliable in terms of its content, as it provides a comprehensive overview of a public dataset of experimentally synthesized thermoelectric materials and machine learning models that are used to predict their properties from chemical compositions. The article also provides detailed information about the data set, such as its size, composition, and maximum ZT values for different temperatures. 
However, there are some potential biases in the article that should be noted. For example, while the article mentions that six different machine learning methods were evaluated for predicting thermoelectric properties, it does not provide any details about how these methods compare in terms of accuracy or other metrics. Additionally, while the article mentions that “popular and promising” thermoelectric materials are included in the dataset, it does not provide any evidence or justification for this claim. Furthermore, while the article mentions possible risks associated with using machine learning models for predicting thermoelectric properties, it does not provide any details about what these risks might be or how they can be mitigated. 
In conclusion, while this article is generally reliable in terms of its content and provides a comprehensive overview of a public dataset of experimentally synthesized thermoelectric materials and machine learning models used to predict their properties from chemical compositions, there are some potential biases that should be noted when evaluating its trustworthiness and reliability.
[bookmark: _Toc5]Topics for further research:
· Machine learning accuracy comparison
· Thermoelectric materials evaluation criteria
· Risk assessment for machine learning models
· Mitigation strategies for machine learning risks
· Popular thermoelectric materials evidence
· Machine learning methods for thermoelectric properties prediction
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