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[bookmark: _Toc2]Article summary:
1. Various calculation methods have been developed to predict materials properties, but they are not applicable to doped materials due to impractical computation costs.
2. Machine learning has been studied widely in physical science to efficiently predict materials properties, but existing methods are not effective for predicting the properties of doped materials.
3. A unified architecture of neural networks called DopNet has been proposed to accurately predict the materials properties of the doped materials without requiring additional information other than the chemical formulas.
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May be slightly imbalanced: The article presents the information in a generally reliable way, but there are minor points of consideration that could be explored further or claims that are not fully backed by appropriate evidence. Some perspectives may also be omitted, and you are encouraged to use the research topics section to explore the topic further.
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The article is generally reliable and trustworthy, as it provides a comprehensive overview of the current state of machine learning in physical science and its potential applications in predicting thermoelectric properties from chemical formula with explicitly identifying dopant effects. The article is well-researched and provides evidence for its claims, such as citing various calculation methods that have been developed to predict materials properties and referencing advanced machine learning methods that explore structural information of input data. Additionally, the article presents both sides equally by discussing both the advantages and disadvantages of using machine learning in physical science. 
However, there are some points that could be improved upon in terms of trustworthiness and reliability. For example, while the article does provide evidence for its claims, it does not explore counterarguments or present any opposing views on the topic. Additionally, while it does discuss potential risks associated with using machine learning in physical science, it does not go into detail about what those risks may be or how they can be mitigated. Furthermore, while the article does provide a comprehensive overview of DopNet's capabilities and potential applications, it does not provide any concrete examples or case studies demonstrating how DopNet can be used effectively in practice.
[bookmark: _Toc5]Topics for further research:
· Machine learning applications in physical science
· Risks associated with machine learning in physical science
· Mitigating risks of machine learning in physical science
· Case studies of machine learning in physical science
· Exploring structural information of input data
· Predicting thermoelectric properties from chemical formula
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